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Abstract

This thesis examines the intricate relationship between cognitive biases, risk 
perception, and market dynamics within the context of investor decision-making. 
It challenges the traditional notion of rational financial behavior by integrating 
insights from behavioral finance, highlighting how psychological and emotional 
factors systematically influence individual and institutional investment choices. 
Through an analysis of key cognitive biases - including overconfidence, anchoring, 
and herding—and their impact on risk perception, the study reveals how these biases 
contribute to suboptimal decisions, market inefficiencies, and systemic risks. The 
divergence between perceived and objective risk, often driven by emotional responses 
such as fear and greed, is shown to significantly affect investment behavior and 
heighten market volatility. A mixed-methods approach is used, combining empirical 
case studies (e.g., the 2008 financial crisis, COVID-19 shock) with statistical analysis 
to assess sentiment, volatility, and price dynamics. The findings align strongly 
with behavioral finance theories, suggesting that sentiment has only a weak and 
inconsistent influence on objective market indicators, reinforcing the need for deeper 
psychological modeling. The study also explores the integration of behavioral finance 
into financial models, regulatory frameworks, and technological tools such as AI 

1	 This article is part of my Diploma thesis, mentored by Prof. Selami Xhepa.
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and robo-advisors. Ultimately, it argues that incorporating behavioral insights into 
policy and practice is essential for enhancing market efficiency, improving investor 
decision-making, and creating a more stable financial ecosystem.

Keywords: Behavioral Finance, market dynamics, sentiment, volatility, EHM.

Introduction

Customary finance’s long-held beliefs about investors as logical beings who act 
only for maximizing of their utility are being challenged by the emerging discipline 
from behavioral finance, which has emerged as a model shift. Behavioral finance 
has its roots in psychology and economics, as well as aims to clarify how a few 
social influences, emotions, and cognitive biases routinely affect financial decision-
making. This effect frequently results in deviations from rationality. Given their 
true role specifically in causing irrational trading behaviors, asset bubbles, and 
also market inefficiencies, these deviations still have a rather important effect now 
on financial markets. One of the truly foundational contributions to this field 
comes from the really revolutionary work of Kahneman and Tversky (1979)2, 
who introduced prospect theory as a way for explaining decision-making that is 
under risk. Unlike the expected utility theory, which assumes that people evaluate 
choices purely based on objective outcomes along with probabilities, prospect 
theory reveals that people evaluate outcomes relative to a certain reference 
point. People are often exhibiting loss dislike too—a stronger reaction to losses 
than gains. This idea is especially useful to see the reasons investors may keep 
losing stocks too long instead of being rational, or sell winning stocks fast, a trait 
called the disposition effect. Behavioral biases such as anchoring, herding, and 
also overconfidence make investing decisions even more difficult. For example, 
overconfidence causes investors to overestimate their overall capacity to perceive 
dangers or forecast market moves. This frequently leads to excessive trading, in 
addition to poor portfolio performance (Barber & Odean, 2001)3. On the other 
side, herding behavior encourages investors toward following the lead from 
others, resulting within momentum-driven market patterns that deviate from 
fundamental valuations. Likewise, decision-making can be distorted by anchoring 
bias, which occurs when people place an excessive amount of weight on an initial 
piece of information, especially in markets that are moving quickly at present. The 
influence of behavioral finance extends beyond individual investors to institutional 

2	 Kahneman, D., & Tversky, A. (1979). Prospect theory: An analysis of decision under risk. Econometrica, 
47(2), 263-291. https://doi.org/10.2307/1914185 

3	 Barber, B. M., & Odean, T. (2001). Boys will be boys: Gender, overconfidence, and common stock 
investment. Quarterly Journal of Economics, 116(1), 261-292. http://www.jstor.org/stable/2696449 



ECONOMICUS No. 24, ISSUE 1/ 202552

decision-making, as well as overall market dynamics. Advanced institutional 
investors are not immune at all to certain cognitive biases, as evidenced further by 
their susceptibility to certain trends and overall crowd behavior during such market 
crises. For instance, Shiller’s (2000)4 analysis concerning speculative bubbles 
highlights how collective irrational exuberance among market participants can 
truly inflate asset prices far beyond their intrinsic values. This was seen during both 
the dot-com bubble and also the 2008 financial crisis. Such events underscore the 
complete necessity of further integrating behavioral understandings deeply into 
both micro and also macroeconomic financial models. A further important aspect 
of behavioral finance is risk view. It additionally influences how investors evaluate 
possible profits and losses. Perceived risk is frequently affected by psychological 
elements like fear as well as familiarity, in contrast to the objective risk metrics 
used in customary banking. For instance, even when market fundamentals 
indicate otherwise, occurrences such as market collapses or political instability 
can raise risk views as well as then lead to overly cautious investing behavior. This 
clear divergence of perceived and actual risk underscores some limitations with 
customary models for catching behavioral dimensions from decision-making. 
Behavioral finance has also opened up some new avenues for further developing 
some tools and strategies targeted at reducing all of the negative effects from 
cognitive biases. For example, the rise of many robo-advisors seeks to reduce 
human error. Algorithmic trading seeks to reduce human error by relying on 
data-directed decision-making. However, the effectiveness of such resources stays 
a topic of current study, since their formulas could accidentally get prejudices 
that exist within past info or within the coding itself. Beyond its usual practical 
applications, behavioral finance has deep implications within regulatory and policy 
frameworks. A comprehension of the psychological underpinnings that exist with 
market behavior can inform better-designed regulations. Such regulations may 
prevent excessive risk-taking or speculative bubbles. For instance, the specific 
introduction of circuit breakers along with other different market mechanisms 
has been largely influenced through understandings from behavioral finance, 
particularly targeted at thoroughly curbing panic selling during certain periods of 
highly heightened market volatility.

The objective within this thesis is to explore into the multidimensional 
relationship of behavioral finance and investment decision-making, focusing 
on the interplay of cognitive biases, risk view, and market dynamics. By digging 
into all of these linked themes, this research truly seeks to contribute to a greater 
comprehension of precisely how behavioral factors shape financial decisions. It has 
implications for both academic theory as well as practical applications. Through 
a thorough analysis from empirical studies, on theoretical frameworks, and of 
market case studies, this work aims for to close the divide between behavioral 

4	 Shiller, R. J. (2000). Irrational exuberance. Princeton University Press.
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understandings and their real-world effect on investment practices. The particular 
study of behavioral finance provides such a critical lens through which to then 
view all the complexities of financial decision-making. It rigorously challenges 
the general idea of investor rationality as well as highlights the important 
psychological and social drivers that often thoroughly dominate market behavior. 
Since markets grow increasingly linked and complex, the relevance of behavioral 
finance continues to expand. The continuing expansion offers quite valuable 
understandings into the human dimensions of economics and finance.

Literature review

In “The End of Behavioural Finance,” Richard H. Thaler argues that behavioural 
finance, once considered a fringe or marginal field within economics and 
finance, has matured and established itself as an essential and permanent part 
of economic thought. Standard financial theories, such as the Efficient Market 
Hypothesis (EMH), assume that markets are efficient and that investors always act 
rationally.However, extensive empirical evidence shows persistent anomalies and 
market behaviours that deviate from these assumptions—such as overreaction, 
underreaction, excessive trading, and asset bubbles. These anomalies cannot be 
satisfactorily explained by traditional models that ignore psychological factors. 
Thaler argues that behavioral finance has moved beyond anecdotal observations 
and isolated cases to a rigorous, theory-driven field supported by empirical 
research. Behavioral finance is no longer a temporary or controversial detour from 
mainstream finance, it is an integral part of economic science that complements 
and enriches traditional theories. 

Barberis, N., & Thaler, R. (2003) explain behavioral anomalies that challenge 
the traditional Efficient Market Hypothesis (EMH). Investors often trade more 
frequently than rational models predict, leading to lower returns. Markets 
sometimes overreact or underreact to news, causing predictable price patterns.
Investors tend to sell winning stocks too early and hold losing stocks too long, 
contrary to rational profit-maximizing behavior.Stock returns exhibit momentum 
in the short term and reversal over longer periods, inconsistent with purely 
random price movements.

Robert J. Shiller (2000) explores the psychological and social forces behind 
dramatic financial market booms and busts. Shiller questions the classical Efficient 
Market Hypothesis (EMH), which claims markets always price assets rationally 
based on available information. He presents evidence that stock prices and other 
asset markets can deviate substantially and persistently from fundamental values.
These deviations are not random errors but are often fueled by psychological and 
social factors.The term “irrational exuberance,” famously used by then-Federal 
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Reserve Chair Alan Greenspan and popularized by Shiller, refers to investor 
enthusiasm that inflates asset prices beyond reasonable valuations.Shiller shows 
that investor decisions are influenced by emotions like fear and greed, herding 
behavior, and social contagion. Media, popular narratives, and cultural beliefs 
can amplify optimism or pessimism, leading to speculative bubbles. A major 
contribution of the book is extending behavioral analysis beyond stock markets 
to include housing markets, where price swings also show signs of irrational 
exuberance. Is foundational to understand behavioral finance and remains highly 
relevant in understanding market dynamics and preventing future crises.

Baker, M., & Wurgler, J. (2007) define investor sentiment is a broad 
psychological concept reflecting optimism, pessimism, fear, or euphoria among 
market participants. It encompasses feelings that may not be directly tied to 
fundamental economic or financial indicators. High investor sentiment often 
leads to overvaluation, creating asset price bubbles while low sentiment can cause 
undervaluation and stops growth opportunities for companies. Stocks that are 
difficult to arbitrage or value, such as small-cap, young, or growth stocks, are more 
susceptible to sentiment-driven mispricing. Their studies documents empirical 
evidence that sentiment can predict future stock returns. Understanding investor 
sentiment is crucial for both regulators and market participants.

Lo, A. W. (2005) affirms that although the EMH posits that financial markets 
are perfectly efficient, meaning that asset prices instantly and fully reflect all 
available information. However, numerous anomalies and market phenomena, 
such as bubbles, crashes, and persistent mispricings, challenge this view. Despite 
its successes, Behavioral Finance struggles to provide a unified, predictive 
model of market behavior. Lo proposes the Adaptive Markets Hypothesis as a 
new framework that incorporates evolutionary principles into financial market 
dynamics. The AMH suggests that market efficiency is not static or absolute but 
varies over time depending on the interactions of market participants and their 
environment. Investors adapt to changing market conditions through learning 
and evolutionary processes, similar to biological organisms adapting to their 
environment. Market efficiency is thus context-dependent and dynamic rather 
than a fixed condition. During times of stress, innovation, or when new investors 
enter the market, inefficiencies and behavioural biases can dominate. This leads to 
phases of mispricing, bubbles, and crashes, but over time, competition drives the 
market back toward efficiency. AMH suggests that no single investment strategy 
is always optimal; what works well in one environment may fail in another. It 
encourages development of adaptive trading algorithms and risk management 
systems that respond to evolving conditions.

According to Kumar, A., & Goyal, A. (2015) market sentiment affects 
stock returns. Their study focuses on both short-term and long-term effects of 
sentiment on the pricing of stocks, using data from the Indian stock market. The 
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paper contributes to the growing literature in behavioral finance that challenges 
traditional notions of rational, efficient markets. The authors argue that investor 
sentiment plays a significant role in driving asset prices, particularly when 
fundamentals are ambiguous or when markets are less efficient. Sentiment effects 
are stronger for certain categories of stocks like Small-cap and illiquid stocks are 
more affected by sentiment than large, liquid, and well-followed firms. High-
volatility and growth stocks are more sentiment-sensitive than stable, value 
stocks. This finding is consistent with the idea that stocks that are harder to 
value or arbitrage are more vulnerable to mispricing due to irrational investor 
behavior. Sentiment-driven mispricing is persistent returns can be predicted 
based on past sentiment, particularly in the short to medium term.The findings 
align with behavioral theories that highlight the limitations of investor rationality. 
Emotions like fear and greed, along with psychological biases (overconfidence, 
representativeness), distort investor judgment, leading to market inefficiencies.
The study strengthens the case that investor psychology should be an integral part 
of asset pricing models.

Methodology

Main Research Question
 

How do such cognitive biases, with risk view, and specific market dynamics all 
collectively influence investment decision-making and wider financial market 
behavior?

Sub-questions

1)	 What are the key cognitive biases and psychological factors affecting 
investor behavior, and how do they impact investment decisions?

2)	 How does the perception of risk diverge from objective risk measures, 
and what role does this divergence play in shaping investor strategies and 
market trends?

3)	 How can behavioral finance principles be integrated into financial models, 
regulatory frameworks, and technological tools to improve investment 
decision-making and market efficiency?

Hypotheses

1.	 A greater comprehension of these biases can substantially aid in designing 
interventions and strategies to reduce their adverse effects.
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2.	 Sentiment and objective risk are almost perfectly unrelated, pointing 
that psychological factors play a relevant and important role in shaping 
investor behavior, strategies, and short-term market trends

3.	 The implementation of behavioral finance principles into existing financial 
models, regulatory systems and innovations it can truly impact in a positive 
way market efficiency and investor decision-making

Theoretical Discussion and Research Evidence

Overconfidence Bias 

Definition and Effect: Overconfidence means having too much faith in someone’s 
skills to forecast or handle results from investments. Overconfident investors 
frequently underestimate risks and overestimate their knowledge or forecasting 
skills. This often results in excessive trading and diminished portfolio performance 
(Barber & Odean, 2001). This behavior specifically weakens the various benefits of 
diversification as well as can readily lead to overexposure to just high-risk assets or 
really concentrated positions.

Case Study Evidence: During the dot-com bubble (1995-2000), overconfidence 
was rampant as investors became excessively optimistic about the growth potential 
of technology companies. Barber and Odean (2001)5 found that overconfident 
individuals, especially men, traded excessively during this period, resulting in 
lower net returns due to high transaction costs and poor market timing.

Risk Perception vs. Objective Risk

Risk perception, which frequently deviates from objective metrics like volatility 
or standard deviation, is in effect a subjective assessment of the degree as well as 
probability of risk. Kahneman and Tversky (1979)6 have quite clearly demonstrated 
about this distinction. They showed it through their well-known prospect theory, 
which strongly argues people weigh risk relative to a reference point, not absolutely. 
As a result, people tend to react asymmetrically to wins and also to defeats, with 
losses frequently being seen as having a greater effect and impact

5	 Lo, A. W. (2017). Adaptive Markets: Financial Evolution at the Speed of Thought. Princeton University 
Press

6	 Kahneman, D., & Tversky, A. (1979). Prospect Theory: An Analysis of Decision under Risk. 
Econometrica, 47(2), 263-291. https://doi.org/10.2307/1914185
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Market Dynamics

Behavioral biases can have an effect on individual investors as they do also on the 
overall dynamics within the market. Shiller (2000)7 stressed just how irrational 
exuberance contributes to speculative bubbles, in which prices do increase sharply 
above their natural values as a result of quite common optimism. A clear illustration 
of how cognitive biases as well as market trends can effectively result in systemic 
risk is the housing bubble in advance of the 2008 financial crisis. Institutional 
investors are occasionally viewed as more logical. Still, they remain susceptible 
to certain biases. Research has demonstrated clearly that even quite experienced 
fund managers engage in herding behavior, especially when the market is stressed.

Data

How do such cognitive biases, with risk view, and specific market 
dynamics all collectively influence investment decision-making and 
wider financial market behavior?

Methodology

I will use a mixed-methods approach. This approach will integrate qualitative 
understandings with quantitative analysis. This approach will enable me to grasp 
the interplay between many cognitive biases, risk view, as well as market dynamics 
at both theoretical and practical levels.

Method

I will conduct a systematic literature review to synthesize key findings from 
previous studies on cognitive biases, risk perception, and market dynamics.

Moreover, to assess the extent to which market behavior deviates from rational 
expectations, an event study was conducted using historical stock market data. 
Six major financial events were selected, and abnormal returns were calculated 
using a rolling market return model. A one sample t-test was applied to determine 
whether abnormal returns significantly deviated from zero, indicating irrational 
market reactions.

7	 Shiller, R. J. (2000). Irrational exuberance. Princeton University Press.
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The selected event dates include:

2007-01-18 (Pre finanacial crisis signals)

One of the clearest early warnings was the rapid rise in U.S. housing prices between 
2000 and 2006, driven by speculative buying and easy credit. Key signals included:

•	 Excessive growth in mortgage lending, particularly to subprime borrowers 
(those with weak credit histories).

•	 Adjustable-rate mortgages (ARMs) that began with low “teaser” rates but 
reset to much higher rates, making them unaffordable.

•	 Rising household debt-to-income ratios, indicating that consumers were 
overleveraged.

Wall Street firms increasingly engaged in risky financial engineering. Red flags 
included:

•	 The widespread use of mortgage-backed securities (MBS) and collateralized 
debt obligations (CDOs), which bundled high-risk loans and spread them 
globally.

•	 The growth of the shadow banking system, made up of unregulated entities 
taking on bank-like risks without safeguards.

•	 High leverage ratios among financial institutions (some exceeding 30:1), 
leaving them vulnerable to losses.

Declining Lending Standards and Regulation Failures

•	 Banks and mortgage brokers increasingly lowered lending standards, 
offering loans without verifying income or employment (“no-doc” loans).

•	 Credit rating agencies gave high ratings to risky securities, masking the true 
level of risk.

•	 Regulatory agencies failed to respond adequately to the growing signs of 
instability and lacked coordination across markets.

Inverted Yield Curve and Financial Market Stress

•	 In 2006 and early 2007, the U.S. yield curve inverted, meaning short-term 
interest rates were higher than long-term rates. Historically, this has been a 
reliable predictor of recession.

•	 Rising default rates on subprime mortgages began appearing in 2006 and 
accelerated in 2007.



ECONOMICUS No. 24, ISSUE 1/ 2025 59

•	 Bear Stearns hedge fund collapse (June 2007) due to exposure to subprime 
assets was a major early sign of market weakness.

Bank and Investor Behavior

•	 Rapid growth of credit default swaps (CDS)—insurance-like instruments—
created a false sense of security while amplifying systemic risk.

•	 Investment banks and financial institutions failed to properly assess their 
own risk exposure, relying on flawed models.

•	 Many central banks kept interest rates low in the early 2000s, fueling 
excessive borrowing and asset bubbles.

The 2008 financial crisis was not a black swan event—it was preceded by a 
series of clear and measurable warning signs. From the unsustainable rise in 
housing prices and subprime lending to the proliferation of complex financial 
instruments and a lax regulatory environment, the crisis was rooted in a series 
of compounding vulnerabilities. Recognizing these signals in real-time remains a 
key lesson for policymakers, financial institutions, and global markets to prevent 
future systemic crises.

2008-09-18 (Lehman Brothers bank collapse)

Lehman Brothers failed in September 2008 because of a combination of excessive 
risk-taking, overexposure to the collapsing housing market, and a loss of investor 
and creditor confidence. Here’s a breakdown of the main reasons for its failure:

Lehman aggressively invested in subprime mortgage-backed securities, 
which were based on home loans given to borrowers with poor credit. When the 
U.S. housing bubble burst, the value of these securities plummeted. Lehman held 
tens of billions of dollars in toxic assets that became nearly worthless.

Lehman was highly leveraged, with a debt-to-equity ratio of over 30:1. This 
means it borrowed massive amounts to finance its operations. High leverage made 
the firm extremely vulnerable to even small declines in asset values.

As investors lost confidence in Lehman’s balance sheet, the firm faced falling 
stock prices, widening credit default swap spreads (suggesting rising risk of 
default) and withdrawal of counterparties and clients. Lehman could not raise 
capital or find a buyer fast enough to restore trust.

Lehman tried to negotiate a sale to Barclays or Bank of America, but both 
deals collapsed. The U.S. government and Federal Reserve refused to provide a 
bailout, unlike in the case of Bear Stearns and later AIG, partly due to political 
concerns and lack of collateral. 
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Lehman used off-balance-sheet accounting tricks (e.g., “Repo 105”) to 
temporarily move debt off its books and appear healthier than it was. Poor internal 
risk controls meant it underestimated the risks of the housing market and its own 
assets. Lehman’s collapse happened at a time when trust in the entire financial 
system was deteriorating. The failure triggered panic across global markets, 
contributing to the 2008 financial crisis.

In clonlusion, Lehman Brothers failed because of risky investments in subprime 
assets, high leverage, weak oversight, and the inability to secure emergency 
support. Its bankruptcy was the largest in U.S. history and marked a turning point 
in the global financial crisis.

2008-10-16 (peak of the global financial crisis)

Global stock markets were collapsing. On October 16, 2008, the Dow Jones 
Industrial Average fell by -733 points (nearly 8%), one of the largest single-day 
drops in its history at that time. Investors were dumping stocks amid fear of a total 
financial collapse.

Data from major economies, especially the U.S. and Europe, showed a sharp 
decline in consumer spending, rising unemployment, and contracting GDP 
forecasts. Companies issued profit warnings, and massive layoffs were being 
announced across industries like banking, automotive, and construction.

Governments were intervening aggressively. The U.S. Treasury had just 
launched the Troubled Asset Relief Program (TARP), a $700 billion bailout fund 
passed earlier in October to stabilize banks. The UK government had nationalized 
parts of Royal Bank of Scotland and Lloyds, injecting billions to prevent collapse. 
European nations were coordinating emergency support for their banking systems.

Despite government actions, credit markets remained frozen. Banks were 
still unwilling to lend to each other or to businesses. LIBOR rates (interbank 
lending rates) were abnormally high, reflecting deep mistrust between financial 
institutions.

Major U.S. automakers (General Motors, Ford) warned of needing emergency 
funding to survive. AIG (American International Group), the insurance giant, had 
already received an $85 billion bailout but required even more support.

Oil prices, which had peaked at over $140 per barrel earlier in 2008, had now 
fallen below $70, as demand forecasts plummeted due to the expected global 
recession.

2009-01-15 (Post-crisis recovery phase)

On January 15, 2009, the world was entering the early phase of post-crisis recovery, 
but the economic situation remained extremely fragile. The financial panic had 
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begun to subside thanks to unprecedented government interventions, yet the real 
economy was still suffering deeply. Key Events Around January 15, 2009 (Post-
Crisis Recovery Phase):

Citigroup in Crisis — Partial Nationalization. On January 15, 2009, Citigroup, 
one of the largest U.S. banks, announced it would split into two units after 
massive losses. The bank had received $45 billion in bailout funds from the U.S. 
government (TARP), but its situation remained precarious.This signaled that even 
with bailouts, major institutions were still on the edge of collapse.

Continuing Economic Deterioration. The U.S. economy lost over 500,000 jobs 
in December 2008, and unemployment was climbing toward 7.8% (it would peak 
at 10% later in 2009). Retail sales data released in mid-January showed a record 
monthly drop of 2.7% in December — the worst since tracking began.Consumer 
confidence was near historic lows, and companies were announcing layoffs daily. 

Obama Administration Preparing Stimulus Plan President-elect Barack 
Obama (set to take office on January 20, 2009) was working with Congress to pass 
a massive fiscal stimulus package (eventually known as the American Recovery 
and Reinvestment Act, passed in February 2009).The plan included (Infrastructure 
spending, Tax cuts, Aid to states and unemployment benefits, Green energy 
investments) the aim to revive demand and prevent a depression.

Global Economic Contraction. Germany, Japan, and the UK were reporting 
sharp declines in industrial output and GDP. Global trade was contracting rapidly, 
with exports from China, Germany, and Japan plunging by double digits. Emerging 
markets were suffering due to falling commodity prices and capital flight.

Although markets were still volatile, the panic of late 2008 was easing. Central 
banks, including the U.S. Federal Reserve, had slashed interest rates to near 
zero and launched quantitative easing programs to inject liquidity. January 2009 
marked a transition from financial panic to economic crisis. The banking system 
had been stabilized through bailouts, but the global economy was contracting 
fast. Recovery would depend heavily on government stimulus, restored consumer 
confidence, and corporate restructuring.

2020-03-19 (COVID-19 market shock)

On March 19, 2020, global financial markets were deep in crisis due to the 
COVID-19 pandemic. This date falls within the most volatile week of the 
COVID-19 market shock, when fear, uncertainty, and liquidity stress caused a 
historic sell-off across global assets. COVID-19 was officially declared a global 
pandemic by the World Health Organization on March 11, 2020. By March 19, 
most major countries — including the U.S., Italy, Spain, China, and the UK — 
were entering lockdowns or severe restrictions. The global economy was effectively 
shutting down, causing panic among investors and businesses.
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Stock markets were in freefall. The S&P 500 was down more than 30% from its 
peak in February. The Dow Jones fell below 20,000 points on March 18 — wiping 
out all gains since Trump’s 2017 inauguration. Volatility (VIX index) reached 
levels higher than during the 2008 crisis.

On March 19 specifically the U.S. markets rebounded slightly, with the Dow 
rising around 188 points, but overall sentiment remained extremely bearish. 
Investors rushed to sell even “safe assets” like Treasuries and gold to raise cash — 
a sign of liquidity panic. There was a global shortage of U.S. dollars as investors 
and companies scrambled for cash. The U.S. dollar index surged to a near 3-year 
high, creating severe pressure on emerging markets and international borrowers.

Central Bank Emergency Actions. The Federal Reserve had already slashed 
interest rates to near zero and launched unlimited quantitative easing. On March 
19, the Fed and other major central banks expanded U.S. dollar swap lines to ease 
global liquidity. The European Central Bank announced a €750 billion Pandemic 
Emergency Purchase Programme (PEPP) just one day earlier (March 18), signaling 
a global policy response.

Oil prices were also collapsing, due to the falling demand from lockdowns and 
reduced travel A price war between Saudi Arabia and Russia. On March 19, Brent 
crude traded around $27 per barrel, while WTI crude fell toward $20, the lowest 
in years.

In the U.S., mass layoffs had just started. In the week ending March 21, the U.S. 
would report 3.3 million initial jobless claims, a historic record at the time. The 
labor market collapse was beginning, even before the full economic data reflected 
the damage.

March 19 marked the depth of the COVID-19 financial panic. The health crisis 
triggered an economic and financial shock that required the fastest and largest 
policy response in modern history. Though markets would start to recover in late 
March after massive stimulus, the economic impact would persist for years.

2024-11-14 (Recent market fluctuations)

As of November 14, 2024, financial markets were experiencing heightened 
volatility driven by a combination of geopolitical tensions, interest rate uncertainty, 
tech sector correction, and election-related risks. While not a full-blown crisis, 
investors were reacting to a mix of global and domestic pressures that were shaking 
confidence in the near-term economic outlook.

U.S. and global stock markets were facing sharp fluctuations. The Nasdaq was 
under pressure due to a tech stock pullback, particularly in AI and semiconductor 
companies, after months of rapid growth. Investors were engaging in profit-taking, 
amid concerns that valuations had become stretched. Some large-cap tech firms 
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(e.g., Apple, Nvidia, Microsoft) saw notable dips after earnings reports fell short 
of sky-high expectations.

The Federal Reserve had paused rate hikes in mid-2024, but markets remained 
uncertain about the timeline for rate cuts. On November 14, Fed officials delivered 
mixed signals. Some hinted that inflation was still sticky in sectors like housing and 
services. Others suggested that economic softness may justify a cut in early 2025.
Bond yields remained volatile, with the 10-year U.S. Treasury yield fluctuating 
near 4.6%, reflecting uncertainty in inflation and monetary policy.

The 2024 U.S. presidential election, held just a week earlier (November 5), had 
delivered no clear result. The vote was extremely close and contested in key swing 
states. Legal challenges and recounts were underway, raising fears of a repeat of 
the 2000 Bush-Gore scenario. Markets dislike political uncertainty, and this added 
to risk aversion among investors.

Heightened Middle East tensions (e.g., Israel-Iran standoff and conflict 
spillovers in the region) caused spikes in oil prices earlier in the month. China-
U.S. relations remained tense, with new export controls and ongoing friction over 
Taiwan and semiconductor trade. Investors were watching global flashpoints 
closely, as they affected supply chains, commodities, and defense-related sectors.

In the U.S. Inflation had declined year-over-year but was not yet at the Fed’s 
2% target. The labor market was softening, with some sectors showing layoffs 
(especially in tech and finance). In Europe and China growth remained sluggish, 
with Germany facing a technical recession and China showing signs of weak 
domestic demand. While not a crisis like in 2008 or 2020, November 2024 was a 
period of market fragility and heightened risk sensitivity. The combination of 
macroeconomic, political, and geopolitical uncertainties made investors cautious. 
The situation could improve with policy clarity, election resolution, and easing 
tensions—but downside risks remained.

What are the key cognitive biases and psychological factors affecting 
investor behavior, and how do they impact investment decisions?

Methodology

I will employ a qualitative methodology to identify and analyze the cognitive 
biases influencing investor behavior. This will be complemented by quantitative 
analysis to assess their impact on investment outcomes.

Method

I will perform a literature review of key studies on behavioral finance, focusing on 
cognitive biases like overconfidence, anchoring, and herding.



ECONOMICUS No. 24, ISSUE 1/ 202564

A content analysis will be carried by evaluating case studies of investor behavior 
in specific market scenarios, such as the dot-com bubble and the 2008 financial 
crisis.

I will also apply statistical analysis, to correlate cognitive biases with investment 
decisions, including asset allocation, trade frequency and risk tolerance.

How does the perception of risk diverge from objective risk 
measures, and what role does this divergence play in shaping 
investor strategies and market trends?

Methodology

I will adopt of a quantitative methodology, complemented with qualitative 
understandings, to explore on the divergence between perceived from actual risk 
and its implications for investment in strategies.

Method

I will conduct now a comparative analysis by comparing the historical risk 
measures such as volatility indices with investor sentiment indicators such as 
various surveys or media analysis so as to identify some divergences.

Moreover  specific events will be analysed where perceived risk diverged from 
actual risk, such as market reactions during the COVID-19 pandemic. 

I will use data visualization tools, like graphs, to depict the relationship between 
perceived risk and market outcomes. These tools provide additional clarity.  

How can behavioral finance principles be integrated into financial 
models, regulatory frameworks, and technological tools to improve 
investment decision-making and market efficiency?

Methodology

I will adopt a mixed-methods approach that combines qualitative analysis of 
theoretical frameworks with quantitative evaluation of existing tools and policies.

Will conduct a theoretical analysis to review existing financial models, 
identifying gaps where behavioral insights could be integrated. I will focus on 
models such as the CAPM and the Efficient Market Hypothesis.

I will evaluate regulatory frameworks, such as circuit breakers and disclosure 
rules, to assess their alignment with behavioral principles.
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Lastly, I will perform an impact assessment, using methods such as cost-benefit 
analysis or simulations, to evaluate the effectiveness of integrating behavioral 
finance principles into existing systems.

Key Findings and Discussion of Results

•	 None of the tested events exhibited statistically meaningful abnormal 
returns at just a 5% confidence level

 

The lack of statistically meaningful abnormal returns (p-values > 0.05 in 
t-tests) suggests that major financial events did not result in predictable long-term 
investment opportunities. 

This could specifically indicate overconfidence bias, in which investors may 
believe that they can effectively  predict returns surrounding major events.

• 	 A 99.59 RSI (an extremely overbought level) suggests that momentum 
trading may have been done by the investors. 

• 	 RSI values of precisely 0.00 (oversold) on 2008-10-23 as well as on 2020-03-
19 suggest panic selling, and this truly aligns with the loss hatred.
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The rolling standard deviation values indicate that volatility was slightly higher 
in 2020 (0.066990) in comparison to that from 2008 (0.065347). 

More volatility certainly suggests a more heightened uncertainty, potentially 
due to modern media influence as well as real-time market access, despite a 
slightly smaller return drop in 2020.

•	 The weak average sentiment impact (0.0327) suggests that while news 
sentiment plays a role, its effect is likely temporary rather than structurally 
altering market behavior.

My data aligns strongly with behavioral finance theories, reinforcing in that 
markets are not perfectly in efficient ways. Judgments made by investors are 
molded by skewed risk views, mental errors, and media effects. Grasping these 
psychological dynamics can improve financial models, regulatory policies, as well 
as investment strategies.
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Weak and Negative Pearson Correlation Coefficient Between 
Sentiment and VIX (-0.158)

The negative correlation and the regression coefficient of -12.46 and  r-squared of only 
0.025, this relationship is meek, indicating sentiment does not account much of the 
variation in VIX.  This perfectly aligns with behavioral finance theories suggesting that 
investors mostly underreact or overreact to volatility signals almost in a random manner, 
leading to imperfect alignment between sentiment and objective risk measures.

Weak and Negative Correlation Between Sentiment 
and Price (-0.0848)

A quite insignificant negative coefficient correlation suggests that prices are 
hardly driven by investor sentiment. With a R-squared coefficient of only 0.0072, 
sentiment explains almost none of the variance in prices, reinforcing the idea, 
soon to be factual, that perceived risk is shaped by psychological biases rather 
than actual market conditions.
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GARCH Key Results

T-statistic = -3.88 → The negative sign suggests that post-circuit breaker 
volatility is higher than pre-circuit breaker volatility.

P-value = 0.000115 → The difference is statistically significant, meaning it is 
unlikely to be due to random chance.

Implications

Circuit breakers did not reduce market volatility. Instead, they have contributed to 
increased uncertainty, causing higher volatility post-event. Circuit breakers create 
artificial thresholds, leading to delayed but stronger sell-offs once markets reopen 
due to loss aversion.

	

Difference-in-Differences (DiD) Analysis

First Regression Interpretation

R-squared = 0.121 → The model explains 12.1% of the variation in price, which 
suggests there are other factors apart from circuit breakers contributing to the 
price that are not accounted for.

Statistical significance (P < 0.05) → The effect of the event on the treated group 
is statistically significant.
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Second Regression (Placebo Test)

R-squared = 0.143 → The model explains 14.3% of the variance.

P-value for Placebo Treatment Post = 0.098 (not statistically significant) which 
suggests that the original DiD results were not random

Limitations

While behavioral finance has made significant contributions to understanding 
financial markets by incorporating psychology and human behavior, academic 
papers in this field are not without limitations. 

Behavioral finance lacks a single, unified theoretical framework comparable 
to the Efficient Market Hypothesis (EMH). Instead, it consists of a collection of 
heuristics, biases, and case studies, which can make it fragmented and difficult to 
generalize.

Many behavioral finance studies are good at explaining past anomalies but 
struggle with predictive accuracy.Theories are often descriptive rather than 
prescriptive, and they may not consistently outperform traditional models when 
forecasting future prices or market movements.

Behavioral models may fit historical data well, as it is in this case, but fail to 
deliver superior forecasting in real-world conditions.

Psychological variables such as sentiment, overconfidence, or herding 
are difficult to measure precisely.Researchers often rely on indirect proxies 
(e.g., mutual fund flows, trading volume, surveys), which may not capture the 
underlying cognitive or emotional state accurately. These proxies can introduce 
noise or bias into empirical tests.

Many behavioral effects are context-dependent, varying by Market 
structure, Country or culture and Time period. This limits the external validity 
(generalizability) of behavioral finance findings across different markets or eras.

Traditional finance models use clean mathematical assumptions (e.g., utility 
maximization), while behavioral models are often harder to formalize. Human 
behavior is complex, nonlinear, and sometimes inconsistent, making it challenging 
to represent within standard econometric frameworks. This can make behavioral 
models less elegant or tractable from a mathematical standpoint. Multiple biases 
often operate simultaneously (e.g., overconfidence, anchoring, and loss aversion), 
and it is hard to isolate their individual effects. This overlapping of explanations 
can make behavioral papers appear vague.
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Behavioral finance highlights what’s wrong with investor behavior but often fails 
to offer clear guidance on what should be done instead. It can identify irrationality 
but doesn’t always suggest rational corrective actions. Some behavioral finance 
studies are based on experimental economics or psychology experiments in 
artificial settings. These may lack ecological validity, meaning their relevance to 
real-world financial markets is questionable.

Once a behavioral anomaly is widely known, market participants may exploit 
it, causing the anomaly to disappear. This self-correcting nature of markets means 
behavioral findings can be short-lived or unstable over time. Despite its insights, 
behavioral finance is not yet fully integrated into regulatory frameworks or 
mainstream financial practice. 

There’s often a gap between theory and implementation in investor education, 
regulation, or product design.

Conclusion

This thesis has explored into the complexity within the relationship of cognitive 
biases, risk view, and market dynamics in investor’s decision-making. By a 
thorough examination of the psychological elements that influence investor 
behavior, for example, overconfidence, anchoring, and herding, it has become 
a clear view. It is also clear that these biases considerably shape investment 
outcomes, and they do contribute to market inefficiencies. Cognitive biases that 
usually are interlinked with emotional as well as social influences, can lead to 
multiple suboptimal decisions that affect not only individual portfolios but 
the broader financial markets. The research has also shed some light on the 
divergence between objective risk measures and the subjective risk perceptions 
of investors. This divergence, fueled by emotional biases of investors such as fear 
and greed, often results in actions that heighten market volatility and contribute 
to phenomena like speculative bubble cycles and market crashes. Understanding 
the ways in which perceived risk influences investor strategies is crucial for both 
individual decision-making and broader market stability.

Also integrating behavioral finance principles into financial models, as well as 
also in the regulatory system, holds much potential for bettering market efficiency. 
The application of AI and behavioral observations can help in eleminating the 
negative effects from biases, improve in investor education, and create in more 
effective regulatory measures. Various strategies, like the many AI predictive 
models and also sentiment analysis tools, can offer very revolutionary solutions 
intended to address truly irrational decision-making. Also, many personalized 
investor training programs support better equipped investors as well as successful 
investment strategies. In conclusion, this thesis shines upon the critical importance 
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of incorporating behavioral finance into the study as well as practice of financial 
markets. Recognizing and dealing with cognitive biases patterns can truly lead to 
more rational investment decisions. This contributes to greater market stability 
as well as efficiency. By taking advantage of various revolutionary technologies 
and refining existing regulatory systems, we can work toward creating a financial 
ecosystem that is more resilient to the volatility caused by human psychology and 
irrationality, ultimately creating a more stable and effective global economy.
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